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BIAS-VARIANCE TRADEOFF

“The price to pay for achieving low bias 1s high variance”
(Geman et al., 1992)
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[Pennington & Worah 2017]
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N=P GAP SURVIVES N=D GAP IS REGULARISED
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N=P GAP SURVIVES N=D GAP IS REGULARISED
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LINEAR AND NONLINEAR PEAK
ARE MERGED TOGETHER

(a) MNIST, SNR = oo (b) MNIST, SNR = 2

(c) MNIST, SNR = 0.2
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SHIFT FROM LINEAR TO NONLINEAR
DURING TRAINING

(d) Dynamics on MNIST at SNR = 0.2
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(d) ReLU, SNR = © (e) ReLU, SNR = 2
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